Ll Lol iyl 4| 4y gt

République Algérienne Démocratique et Populaire

Ministére de 'Enseignement Supérieur "‘A ‘fu‘ ol él_.]\ (_,\._\\ 5)\ 39

et de la Recherche Scientifique
Ecole Nationale Supérieure de Management m'u”' Aol caalall Uu“ A.Ja JS\ A J.LL\

K 1é Ecole Hotior t'$ eure de .
o Management dadal)

-

Master’s Thesis
for the Award of a Master’s Degree in

« Management Marketing »

Determinants of Behavioral Intention to Use Mobile

Banking Applications

A Case Study of Public Banks Based on PE, EE, and FC from
UTAUT2

Prepared by: Gramit Henia Supervised by: Pr. Lakhdari Nassima

Academic Year: 2025/2026




Abstract

The present dissertation seeks to identify and analyze the key factors shaping the
willingness of Algerian public bank clients to adopt and utilize mobile banking platforms.
Drawing upon the extended theoretical model UTAUT?2 as its conceptual foundation, this work
centers on three fundamental dimensions: Performance Expectancy, Effort Expectancy, and
Facilitating Conditions and their effects on Behavioral Intention.

Adopting a quantitative, data were collected from 168 valid respondents through both
online and field-based channels between March and May 2026. Multiple linear regression
analysis conducted using SPSS 27 confirmed that all three variables exert a statistically
significant positive effect on customers’ behavioral intention to adopt mobile banking
applications, with PE (B = 0.378) emerging as the strongest predictor, followed by EE ( =
0.356) and FC (B = 0.206).

Furthermore, the proposed model explained 73.1% of the variance in Behavioral
Intention (R2 = 0.731). The findings contribute to the growing body of literature on digital
technology acceptance, particularly within developing and transitional economies, and provide
practical recommendations for Algerian public banks seeking to increase the adoption and
effective use of mobile banking applications.

Keywords: Mobile banking, UTAUT2, Performance Expectancy, Effort Expectancy,

Facilitating Conditions, Behavioral Intention.




Résumé

Cette ¢étude examine les déterminants de I’intention comportementale d’utiliser les
applications de mobile banking chez les clients des banques publiques en Algérie. S’appuyant
sur la théorie UTAUTZ2, la recherche analyse trois construits principaux la performance
attendue, 1’effort attendu et les conditions facilitatrices ainsi que leurs effets sur 1’intention

comportementale.

Adoptant une approche quantitative, les données ont été collectées auprés de 168 répondants
valides via des canaux en ligne et sur le terrain entre mars et mai 2026. L’analyse de régression
linéaire multiple réalisée a 1’aide de SPSS 27 a confirmé que les trois construits exercent un
effet positif et significatif sur 1’intention comportementale, avec la performance attendue (p =
0,378) comme principal facteur prédictif, suivie de 1’effort attendu (p = 0,356) et des conditions
facilitatrices (p = 0,206).

Globalement, le modele explique 73,1 % de la variance de I’intention comportementale (R* =
0,731). Ces résultats contribuent a la littérature sur 1’adoption des technologies dans les
économies émergentes et offrent des recommandations stratégiques aux banques publiques

algériennes afin de renforcer I’adoption du mobile Banking applications.

Mots-clés: Mobile Banking, UTAUT2, Performance attendue, Effort attendu, Conditions

facilitatrices, Intention comportementale.
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General Introduction




1. Context

Fintech in Algeria has experienced significant growth in recent years, driven by increasing
requirements for financial services that are both accessible and secure, as well as government
efforts to modernize the financial system, tools for example, mobile banking payments, Digital
financial tools such as online banking and digital wallets have transformed financial interactions
for both individuals and businesses. This transformation is particularly important as it reduces

reliance on cash and Traditional Bank branches, as a result (Bougouffa, 2025)

In this context ,among the most prominent expressions of this digital shift is the rise of mobile
banking, a trend that has been greatly amplified by the mass proliferation of smartphones across
all segments of society (Amrane & Damene, 2023) .

However, despite the availability of these applications, their adoption remains relatively low
among Algerian user studies show that fewer than 26% of banking clients actively use mobile

banking applications (Aboubaker et al., 2025).

Given this situation, it becomes necessary to investigate the factors that affect users’ intention
to utilize mobile banking applications by bank customers. At the global level, numerous research
has investigated the key variables affecting mobile banking adoption. In this regard, Jiang et al.
(2024) demonstrated that users' readiness to adopt mobile banking is meaningfully driven by
their perception of the system's usefulness, their assessment of how easy it is to operate, and the
degree of support they receive from their environment. In contrast, Nopiani and Putra (2021)
found that performance expectancy significantly influences to use, while effort expectancy has
no significant effect, whereas facilitating conditions are a key determinant in explaining actual

usage behavior.

Moreover, At the local level, Reguig Khelifa and Chenni (2024) found the willingness of
Algerian users to engage with mobile banking is shaped by their evaluation of the service's
practical advantages, its operational simplicity, their level of confidence in the system, and their
perception of associated risks. with perceived benefit being the strongest predictor. Taken as a
whole, the accumulated evidence underscores the pivotal role played by these constructs in
shaping digital service adoption in understanding the adoption and use of digital services.




Therefore, understanding the psychological and contextual factors that gaining a thorough
understanding of the factors that drive users toward mobile banking adoption has become a
research priority. To address this issue, researchers frequently rely on the UTAUT2 model as a
robust analytical lens for examining technology acceptance behaviors in consumer contexts.
provides a robust theoretical framework for examining technology adoption behavior. The
present study is based on three main constructs of the model: Performance Expectancy, Effort
Expectancy, and Facilitating Conditions, which are used to explain users’ behavioral intention.
given its potential role in shaping public perceptions and increasing awareness, particularly in

emerging markets such as Algeria.

1. Research Problem
Despite the development of Fintech services and increasing availability of Mobile Banking
applications in Algeria, their actual adoption by users remains relatively Limited. This reveals
a significant gap between technological availability user engagement with digital banking

services.

Accordingly, this study is fundamentally concerned with uncovering and analyzing the main
drivers behind Algerian banking clients' decision to adopt mobile banking, by placing special
emphasis on three UTAUT2 constructs: perceived utility, ease of use, and contextual support

conditions.

In light of this research problem, the following research questions are formulated:

1. To what extent does performance expectancy influence users’ intention to use mobile
banking apps in Algeria?

2. What is the effect of effort expectancy on users’ intention to adopt mobile banking apps?

3. Do facilitating conditions significantly contribute to strengthening the intention to use
mobile banking apps.

4. Towhat extent do the UTAUT2 factors jointly explain behavioral intention to use mobile
banking, and which determinants significantly influence consumers’ adoption intention

within the Algerian banking context?




2. Hypotheses Development and Contextualization

This research explores how selected constructs influence users’ behavioral intention
toward mobile banking adoption in the Algerian banking sector. Based on insights from prior
studies and the contextual characteristics of Algeria, In this study, the following hypotheses

Performance Expectancy is identified as one of the primary determinants of technology
adoption in mobile banking systems. In the Algerian banking environment, customers often face
several challenges related to traditional banking services, including long waiting times in bank
branches, limited working hours, and overcrowding during salary payment periods or official
occasions. Mobile banking applications provide fast and flexible, services like transferring
money and paying bills and account monitoring at any time and place, which enhances
customers’ perception of their practical usefulness. Furthermore, the ongoing digital
transformation within Algerian public banks has increased customers’ awareness of the benefits
associated with digital banking services Therefore, Performance Expectancy is expected to have

a positive influence on customers’ intention to adopt mobile banking apps.

H1: Performance Expectancy has a positive effect on users’ behavioral intention to use mobile

banking apps

Effort Expectancy plays an important role in the adoption of mobile banking applications. A
simple user interface and ease of completing banking transactions are key factors that encourage
customers to use these services. In the Algerian context, where levels of digital literacy vary
among users, applications that are easy to understand and require minimal technical skills can
help reduce resistance to digital banking technologies. In contrast, technical complexity and
difficulties in navigating the application may discourage adoption. Therefore, users who
perceive mobile banking apps as easy to use are more likely to develop a positive intention
toward their adoption.

H2: Effort Expectancy has a positive effect on users’ behavioral intention to use mobile banking

apps.




Facilitating Conditions are also expected to influence the adoption of mobile banking
applications. When users have reliable access to digital tools such as connected devices, stable
internet, and responsive technical assistance, their capacity and willingness to engage with
mobile banking services is significantly strengthened. In Algeria, the growing penetration of
smartphones and internet connectivity has improved access to mobile banking applications.
Moreover, the availability of bank support and user guidance can strengthen customers’
confidence in using these services. Accordingly, Facilitating Conditions are expected to

positively influence users’ intention to use mobile banking apps.

H3: Facilitating Conditions have a positive effect on users’ behavioral intention to use mobile

banking apps.

3. Research Objectives

This research aims to analyze the determinants influencing users’ intention to use mobile
banking applications.
It also seeks to understand Algerian consumers’ behavior toward digital banking services.
Finally, it aims to provide strategic recommendations for Algerian banks to enhance mobile
banking adoption.

4. Research Importance

This research is important because the determinants of customers’ intention to use mobile
banking applications in Algeria remain underexplored. By applying the Unified Theory of
Acceptance and Use of Technology 2 framework, it contributes to the literature on technology

adoption in emerging economies.

From a managerial perspective, the findings help Algerian banks better understand factors
influencing adoption, allowing improvements in service design, support, and communication

strategies.

Overall, the study supports the digital transformation of the Algerian banking sector and
contributes to the field of electronic services.




5. Methodology Overview

The research employs a quantitative, cross-sectional approach based on the positivist
paradigm. The data collection process relied on a structured survey distributed among customers
of Algerian public banks who had installed or using a mobile banking application, using both
online and field-based distribution channels. The questionnaire was developed in Arabic and
based on validated scales from the UTAUT2 model. Statistical analysis was carried out using
SPSS 27, employing descriptive statistics, reliability analysis, and multiple linear regression to

test the proposed hypotheses.

6. Structure of the Thesis

This thesis is structured in three chapters, structured with an introduction at the beginning and
a conclusion at the end. Chapter 1 presents the literature review, encompassing theoretical
framework and the key models underpinning the study. Chapter 2 details the research
methodology and describes the field of study, including the Algerian banking context and
sample characteristics. Chapter 3 presents and discusses the empirical results, testing the

proposed hypotheses and interpreting the findings in light of the existing literature.




Chapter 1:




Introduction

This chapter provides the theoretical foundation upon which the present study is built. It
begins with a thorough review of prior empirical research on mobile banking adoption at both
the international and Algerian levels, followed by a critical analysis identifying the main gaps
in current knowledge.

The chapter then presents the key theoretical models namely the TAM, UTAUT, and
UTAUT?2 and justifies the selection of the three core constructs examined in this study. It

concludes with the conceptual framework and research hypotheses.

Section 1: Literature Review

1. Importance of Mobile Banking Applications

Mobile banking has become a fundamental element of modern financial systems worldwide,
particularly in developing countries, driving both digital transformation and financial inclusion. Its
importance is multifaceted, stemming from its ability to reduce costs, enhance speed, security, and
transparency of financial services, thereby making them accessible to a broader segment of society,
especially those traditionally underserved by conventional banking systems (Abada et al., 2024).

The behavioral aspects of consumers are central to the adoption and successful implementation
of mobile banking technologies. Understanding these behaviors involves analyzing a wide range of
determinants that shape both the initial adoption and the sustained use of mobile banking by
individuals. Key theoretical frameworks often employed in this analysis include well-established
theoretical models such as TAM and UTAUT, which have been extensively validated across diverse

technological and cultural settings (Abdennebi, 2023).




2. International Empirical Studies

The review of international literature reveals a rich body of empirical evidence examining
the determinants of mobile banking adoption across diverse geographic and cultural contexts.
The studies presented below draw primarily on the UTAUT2 framework, each contributing
unique insights into the factors that influence users' behavioral intention and actual usage

behavior.

First, the study by Jiang et al. (2024) examined users’ adoption of the China Construction
Bank mobile banking application during the rapid digital transformation of the financial sector
following the COVID-19 pandemic. Using an extended UTAUT2 model that incorporated
perceived risk, the researchers collected data from 403 mobile banking users in China through
a structured questionnaire and analyzed the data using structural equation modeling (SEM). The
findings revealed that performance expectancy, effort expectancy, and facilitating conditions
significantly and positively influenced users’ intention to adopt mobile banking applications,
whereas perceived risk had a negative effect on behavioral intention. The study emphasized the
importance of usefulness, ease of use, and technical support in encouraging adoption and
recommended improving application usability, strengthening security measures, and enhancing

functional performance.

Then, Nopiani and Putra (2021) investigated the factors affecting users’ intention and usage
behavior toward mobile banking in Indonesia using the UTAUT2 model. Adopting a
quantitative approach, the researchers collected data through questionnaires and analyzed them
using multiple linear regression with SPSS software. The results indicated that performance
expectancy significantly influenced users’ intention to adopt mobile banking, highlighting the
importance of perceived usefulness. However, effort expectancy did not have a significant effect
on behavioral intention. In addition, facilitating conditions positively influenced actual usage
behavior. The study recommended improving service features, strengthening infrastructure

support, and increasing user awareness to promote mobile banking adoption and continued use.

Similarly, Gurbilz and Kaplan (2021) explored the determinants of mobile banking adoption
in Tlrkiye by extending the UTAUT2 framework with trust as an additional explanatory

variable. Using a quantitative approach, data were collected from 684 mobile banking users




through a web-based survey and analyzed using structural equation modeling. The findings
confirmed that performance expectancy and facilitating conditions positively influenced users’
intention to use mobile banking. Furthermore, trust and habit significantly affected both
behavioral intention and actual usage behavior. The authors concluded that strengthening trust,
improving service reliability, and enhancing support systems are essential for encouraging
mobile banking adoption and continued use.

Later, Apau et al. (2025) examined the factors driving mobile banking adoption in the United
Kingdom through an enriched UTAUT2 model that included security perceptions, risk
assessment, and trust-related dimensions. Using a quantitative approach, the researchers
gathered data from 315 mobile banking users and analyzed them through structural equation
modeling. The results demonstrated that performance expectancy and effort expectancy were
significant positive predictors of users’ intention to adopt mobile banking. In addition, security
and trust-related factors played a crucial role in promoting adoption, while perceived risk
showed no significant effect. The study recommended that financial institutions reinforce

security systems and strengthen users’ trust to increase mobile banking adoption and usage.

Finally, Gharaibeh and Arshad (2018) investigated the factors influencing mobile banking
adoption in Jordan by extending the UTAUT2 model with trust and mass media. Using a
guantitative research design, data were collected through questionnaires and analyzed using
structural equation modeling. The findings showed that performance expectancy, effort
expectancy, and facilitating conditions significantly and positively influenced users’ intention
to adopt mobile banking. Moreover, trust emerged as a major determinant of adoption, while
mass media played an important role in raising awareness and encouraging users to embrace
mobile banking services. The authors recommended strengthening trust-building mechanisms
and investing in effective media strategies to enhance mobile banking adoption.

The following table provides a comparative synthesis of the five international studies
reviewed above, highlighting the research context, methodology, sample characteristics, key
findings with respect to the variables of interest, and the limitations identified by each study.
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Table 1:Summary of International Empirical Studies on Mobile Banking Adoption

Quantitative
(Extended
UTAUT2 +
perceived risk)

n =403, SEM
(SPSS &
AMOS), 5-
point Likert

Performance expectancy positively
influences intention; effort
expectancy positively influences
intention; facilitating conditions
positively affect intention and usage

Single bank focus;
geographically
restricted; limited
generalizability

Quantitative
(UTAUT2)

Small sample,
regression
(SPSS),
accidental
sampling

Performance expectancy
significantly affects intention; effort
expectancy not significant;
facilitating conditions significantly
influence actual usage

Small sample;
single geographic
area; limited
generalizability

Quantitative
(Extended
UTAUT?2 + trust
moderators)

n =684, SEM
& path
analysis, 7-
point Likert

Performance expectancy
significantly influences intention;
effort expectancy not clearly
significant; facilitating conditions
influence both intention and actual
usage

Single-country
focus; self-reported
data; limited
generalizability

Quantitative
(Extended
UTAUT2 +
security, risk,
trust)

n =315, CFA
& CB-SEM,
online
questionnaire

Performance expectancy
significantly influences intention;
effort expectancy significant;
facilitating conditions not the main
focus but indirectly support usage
through system/trust factors

Convenience
sampling; limited
to UK; narrow
cultural scope

Quantitative
(Extended
UTAUT2 +
mass media &
trust)

Structured
guestionnaire,
SEM

Performance expectancy
significantly affects intention; effort
expectancy significant; facilitating
conditions significantly influence
intention and usage

Specific
geographic region;
cross-sectional
design; single
context

Source: Own elaboration.

While the international literature provides a broad and rich theoretical foundation, it is equally

important to examine existing empirical work conducted within the Algerian context, which

presents unique socioeconomic, regulatory, and cultural characteristics that may influence

mobile banking adoption. The studies reviewed in the following section focus on e-banking and

mobile banking adoption in Algeria and provide important insights into the national landscape.
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3. Studies in the Algerian Context

First, Tiar et al. (2024) examined the factors influencing consumers’ intention to use e-
banking in East Algeria by extending the Technology Acceptance Model (TAM). Using a
quantitative survey of 170 respondents and analyzing the data through PLS-SEM, the study
found that perceived usefulness and perceived ease of use are the main drivers of adoption
intention, with perceived usefulness emerging as the strongest predictor. Self-efficacy indirectly
influenced intention through these variables, while resistance to change unexpectedly showed a
positive effect. In contrast, perceived risk, awareness, and social influence were found to be
insignificant. The authors recommended enhancing system usability and users’ digital skills to

encourage greater e-banking adoption.

Then, Mansour and Tahraoui (2024) explored the factors affecting consumers’ use of e-
banking platforms in Algeria through a modified TAM framework. Adopting a qualitative
approach, the study provided exploratory insights into e-banking adoption within a developing
banking environment. The findings confirmed that perceived usefulness and perceived ease of
use remain the core determinants of adoption. Furthermore, perceived trust, perceived cost, and
electronic word-of-mouth (eWOM) were identified as significant factors shaping users’
intentions and behaviors. Trust and security issues were highlighted as particularly important,
while social media communication played a key role in influencing consumers’ perceptions.
The authors recommended strengthening trust mechanisms, improving system usability, and
leveraging digital communication strategies to promote e-banking services.

Similarly, Bellahcene and Latreche (2023) investigated the factors influencing the adoption
and use of e-banking services among Algerian bank consumers through an integrated model
combining TAM and UTAUT. Using a quantitative approach, the researchers collected data
from 326 banking clients and analyzed them using structural equation modeling. The results
revealed that perceived usefulness and perceived ease of use significantly influence users’
attitudes toward e-banking. These attitudes subsequently affect behavioral intention, which,
together with facilitating conditions, drives actual usage behavior. Interestingly, social influence
did not significantly affect adoption intention. The study also found that facilitating conditions

were particularly important for older users, who required greater technical and organizational

12




support. The authors recommended designing user-friendly systems, improving infrastructure,
and developing communication strategies that emphasize the benefits of e-banking.

Later, Reguig Khelifa and Chenni (2024) examined the determinants of Algerian bank
clients’ behavioral intention to adopt the MobiBank mobile banking service. Using a
quantitative approach and surveying 200 bank consumers, the study analyzed the data through
principal components analysis (PCA). The findings indicated that perceived benefits, perceived
ease of use, trust, and perceived risk all had significant positive effects on intention to use mobile
banking. Among these variables, perceived benefit emerged as the strongest predictor, followed
by perceived ease of use, perceived risk, and trust. These findings suggest that both functional
utility and security perceptions are essential for encouraging digital banking adoption. The
authors therefore recommended improving system usability and reinforcing security measures

to support the digital transformation of banking services.

Finally, Mansour et al. (2022) investigated the determinants of e-banking usage among
Algerian bank consumers using a quantitative approach. Based on a sample of 174 respondents and
analyzed through SEM, the study examined the influence of perceived ease of use, perceived
usefulness, perceived security, and perceived quality. The results demonstrated that perceived ease
of use and perceived usefulness positively affect users’ intention to adopt e-banking, which
subsequently drives actual usage behavior. In addition, perceived security and service quality were
identified as essential factors for building trust and encouraging continuous use of e-banking
platforms. The authors recommended that Algerian banks invest in secure technological

infrastructures and user-friendly interfaces to foster greater adoption of electronic banking services.

The following table provides a comparative overview of the five Algerian studies reviewed
above, summarizing their methodological approaches, key findings in relation to the variables of

interest, and their respective limitations.
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Table 2:Summary of Studies on E-Banking and Mobile Banking Adoption in the Algerian Context

Quantitative
(Extended TAM)
n=170, PLS-SEM

Performance expectancy (perceived

usefulness) is the strongest predictor of
intention; effort expectancy (ease of use)
also significant; facilitating conditions

not examined

Limited to one region;
restricted

generalizability

Small sample,
exploratory

interviews

Performance expectancy and effort
expectancy remain key determinants;
facilitating conditions not explicitly

addressed

Small sample size;
qualitative design limits
generalizability; lacks

quantitative validation

Quantitative (TAM +
UTAUT)
n=326, SEM

Performance expectancy and effort
expectancy influence attitude and
intention; facilitating conditions are the
main driver of actual use, especially

among older users

Convenience sampling;
single region; limited

generalizability

Quantitative (Custom
model — MobiBank)
n=200, PCA

Performance expectancy (perceived
benefit) is the strongest predictor; effort
expectancy (ease of use) significant;
facilitating conditions indirectly reflected

through institutional reliability

Focused on one mobile
app; lacks sector-wide

comparison

Quantitative (TAM-
based)
n=174, SEM

Performance expectancy and effort
expectancy significantly influence
intention and usage; facilitating

conditions partially reflected via service

quality and system support

Limited sample size;
restricted geographic
scope; narrow

demographic range

Source: Own elaboration.
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Having reviewed the empirical evidence from both international and Algerian contexts, it is
now necessary to engage in a critical evaluation of the existing literature in order to identify its
theoretical and methodological limitations and to situate the present study within the broader

scholarly discourse.

4. Critical Analysis

Despite the richness of international studies in explaining the adoption of mobile banking
services, several theoretical and methodological limitations can be identified. From a theoretical
perspective, most studies rely on the UTAUT2 model, often extended with multiple
modifications (trust, risk, security, etc.). While this enhances explanatory power, it leads to

model inflation, making it difficult to determine the true effect of each variable.

In this context, it is noticeable that core variables such as performance expectancy, effort
expectancy, and facilitating conditions are not analyzed in depth but are incorporated into
complex models, which reduces clarity regarding their actual role in explaining behavioral

intention.

On the other hand, results are unstable, as the significance of variables differs from one study
to another. For example, effort expectancy sometimes appears as a significant variable, and
sometimes not, which indicates that its impact is context-dependent rather than a universally
fixed factor. Additionally, these studies were often conducted in environments that are digitally
stable and characterized by high trust in banking systems, which makes them less suitable for

explaining user behavior in developing countries.

Similarly, despite efforts to analyze the adoption of e-banking and mobile banking services
in Algeria, the national literature shows several important limitations. First, at the theoretical
level, most Algerian studies rely primarily on the TAM model. This choice leads to a simplified
view of user behavior, as this model does not consider all determinants suggested by other

models, especially contextual and behavioral factors.

Second, these studies are characterized by an excessive focus on certain variables, particularly

perceived usefulness and ease of use. In contrast, other important variables are insufficiently
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explored, such as facilitating conditions, which are essential in a context like Algeria where

technical and regulatory constraints may hinder adoption.

Moreover, at the methodological level, several studies show limitations related to small
sample sizes and a focus on specific geographic areas. This justifies the need to develop more
comprehensive models that are better adapted to the Algerian context.

The limitations identified in both the international and Algerian literature converge toward a

clearly identifiable theoretical gap, which the present study seeks to address.

5. Theoretical Gap and Research Positioning

Based on this critical analysis, a central theoretical gap can be identified: the absence of the
UTAUT2 framework in explaining mobile banking apps adoption in Algeria. Addressing this
gap is essential. In this context, it becomes necessary to propose a more comprehensive and
adapted approach. Therefore, this research is part of this perspective by adopting the UTAUT2
model, with a particular focus on performance expectancy, effort expectancy, and facilitating
conditions, in order to provide a theoretically grounded and context-specific explanation of

mobile banking adoption in Algeria.
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Section 2: Theoretical Framework

1. The Technology Acceptance Model (TAM)

Introduced by Davis in the late 1980s, the Technology Acceptance Model has established
itself as one of the most frequently employed frameworks for understanding and anticipating
how individuals respond to new information systems. Built upon foundations derived from the
Theory of Reasoned Action, TAM posits that an individual's willingness to use a given
technology is primarily determined by two cognitive evaluations: whether the system is seen as

useful, and whether it is considered easy to use.

The first construct captures users' beliefs about the performance-enhancing potential of a
system, while the second reflects their assessment of the cognitive and physical effort required
to interact with it. These beliefs shape users’ attitudes toward technology, which subsequently
affect their intention to use the system as well as the actual patterns of technology use observed

among individuals (Davis et al., 1989).

Although TAM provided a parsimonious and theoretically coherent framework for
technology adoption research, subsequent scholars sought to expand its explanatory scope by
integrating constructs from a broader range of behavioral and organizational theories. This led
to the development of more comprehensive models, most notably the UTAUT, as discussed in

the following section.

17




Figure 1: Technology Acceptance Model (Davis, 1989)
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2. The Unified Theory of Acceptance and Use of Technology (UTAUT)

Building on the theoretical foundations of the Technology Acceptance Model (TAM) and
other established technology acceptance theories, the Unified Theory of Acceptance and Use of
Technology was introduced as a comprehensive framework for predicting technology
acceptance and users’ behavioral intention toward information systems (Obienu & Amadin,
2020). The model was developed through the integration of constructs derived from eight major
technology acceptance theories and has been widely validated across different technological and

organizational contexts (Venkatesh et al., 2003).

The primary purpose of UTAUT is to explain users’ intention to adopt new technologies as
well as their actual usage behavior (Obienu & Amadin, 2020). The original model proposes four
main determinants of Behavioral Intention (Bl): Performance Expectancy (PE), Effort
Expectancy (EE), Social Influence (SI), and Facilitating Conditions (FC) (Venkatesh et al.,
2003). In addition, the relationships within the model are moderated by factors such as
individual-level moderating variables including demographic characteristics, prior experience,

and the voluntary or mandatory nature of the adoption context (Venkatesh et al., 2003).
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Figure 2:The unified theory of acceptance and use of technology (UTAUT) model.
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Venkatesh and colleagues extended the model, resulting in the formulation of UTAUT2, as

elaborated in the subsequent section.

3. The Unified Theory of Acceptance and Use of Technology 2 (UTAUT?2)

UTAUT?2 represents a refined and expanded version of its predecessor, tailored to better
capture the motivations and behavioral patterns of voluntary technology users in consumer-
oriented environments of information systems, particularly in consumer settings. The model was
first presented by Viswanath Venkatesh, James Y. L. Thong, and Xin Xu in 2012 as an extension
of the original UTAUT model, which Venkatesh and colleagues had previously published in
2003. UTAUT2 was specifically designed to address some of the shortcomings of its
predecessor when applied to voluntary and consumer-oriented technology adoption settings,
such as mobile banking, e-commerce, and digital financial services (Venkatesh et al., 2012).

When interacting with digital technologies, UTAUT?2 incorporates additional elements that
better capture the motivations and behavioral patterns of individual consumers. Unlike the
original UTAUT model, which was largely validated in mandatory and organizational

workplace settings, UTAUT2 enables a more accurate account of technology usage in regular
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consumer contexts (Venkatesh et al., 2003; Venkatesh et al., 2012). The core architecture of
UTAUT2 comprises seven key constructs that collectively predict both Behavioral Intention
and actual use behavior: Performance Expectancy, Effort Expectancy, Social Influence,
Facilitating Conditions, Hedonic Motivation, Price Value, and Habit.

Figure 3:The Unified Theory of Acceptance and Use of Technology2 (UTAUT?2)
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4. Theoretical Rationale for the Selection of Study Constructs

The present study adopts three constructs from the UTAUT2 framework: (PE), (EE), and
(FC). These variables were selected because they represent the core cognitive determinants in
technology adoption models, focusing on the individual user's evaluation of the system
regarding its usefulness, usability, and availability of resources and support required for its use.

From a theoretical perspective, these constructs are among the most stable predictors of
behavioral intention, as they reflect the fundamental dimensions upon which individuals rely
when making technology adoption decisions, particularly in the early stages. They also represent
a direct extension of the core concepts of the Technology Acceptance Model (TAM), thereby
enhancing the theoretical consistency of the proposed model. Moreover, focusing on these
variables contributes to achieving theoretical parsimony, thus improving the clarity of the model

and its ability to explain users' intention to adopt mobile banking applications.

4.1 Justification for Excluding Other UTAUT2 Constructs

While UTAUT2 encompasses seven constructs, four of them Habit, Hedonic Motivation,
Price Value, and Social Influence were excluded from the present study based on theoretical
considerations related to the stage of adoption and the nature of usage. The rationale for each

exclusion is detailed below.

4.1.1. Habit

This construct was excluded because this research focuses on behavioral intention rather than
long-term actual usage. Habit is more closely associated with repeated behavior that develops

after prolonged use, rather than with the initial stages of adoption decision-making.

21




4.1.2. Hedonic Motivation

This construct was excluded because mobile banking is classified as a utilitarian system
aimed at performing specific tasks such as fund transfers and bill payments, rather than
providing entertainment or enjoyment. Therefore, its usage is more strongly associated with

efficiency and utility than with hedonic drivers.

4.1.3. Price Value

This construct was excluded because the use of mobile banking applications generally
involves little to no direct cost. As a result, perceived cost is less influential in the adoption

decision compared to cognitive factors such as performance and ease of use.

4.1.4. Social Influence

Social Influence was excluded based on the limited diffusion of mobile banking in Algeria,
where penetration remains below. This construct requires a sufficient critical mass of users to
generate meaningful social pressure; in its absence, individuals are expected to rely primarily
on their own cognitive evaluations when forming adoption intentions. While Algerian society
is characterized by strong collectivist tendencies, this cultural dynamic is more likely to
emerge once mobile banking reaches wider adoption. At the current early stage of diffusion,

the exclusion of Social Influence is therefore theoretically justified.
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Section 3: Conceptual Framework and Development of Research Hypotheses

The conceptual framework of this study is based on (UTAUTZ2), focusing on three main
constructs (PE), (EE), and (FC) which are examined for their effect on users’ behavioral

intention to adopt mobile banking applications.

1. Research model

Figure 4: the research model
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The model illustrates three direct hypothesized relationships: PE — BI (H1), EE — BI (H2),
and FC — BI (H3). This parsimonious and theoretically coherent model is consistent with the

study's focus on early-stage adoption determinants.
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2. Definition of VVariables

Table 3: Definition of variables

This construct describes the extent to which an
individual believes that using a system can
enhance their performance and provide useful
benefits in completing tasks.

(Venkatesh et al., 2003)

Effort Expectancy refers to the perceived level of

ease associated with using a technological system.

(Venkatesh et al., 2003)

This concept reflects the degree to which
individuals believe that adequate technical and
organizational support exists to enable the use of

a technology.

(Venkatesh et al., 2003)

Behavioral Intention represents an individual’s
willingness and planned decision to perform a
specific behavior in the future.

(Ajzen, 1991)

Source: Own elaboration.

In the rest of this part, the factors of the proposed model are presented in detail and the research

hypotheses are formulated.

24




Mobile banking applications

Mobile banking applications are software solutions provided by banks and installed on
mobile devices, enabling users to use banking services and conduct financial transactions

remotely without visiting physical branches (Alalwan et al., 2020).

These applications are an important component of mobile financial services (m-finance),
as they allow users to interact with banking systems through digital and mobile technologies
(Shaikh & Karjaluoto, 2015).

From a technological perspective, mobile banking applications provide convenient,
accessible, and efficient access to financial services through mobile devices, while supporting
secure and reliable financial services and improving user experience (Oliveira et al., 2021;
Baptista & Oliveira, 2015).

From a marketing perspective, mobile banking applications serve as key customer
interaction channels that deliver value through convenience, accessibility, and service quality.
Their adoption is commonly explained by users’ perceptions of usefulness and ease of use, as
proposed in the Technology Acceptance Model (Davis, 1989), which continues to be widely
applied in mobile banking research (Alalwan et al., 2020).

3. Development of Research Hypotheses

3.1. Behavioral intention

In technology adoption research, behavioral intention is considered one of the most
direct predictors of actual behavior. It refers to an individual’s conscious willingness or
readiness to engage in a particular behavior. This concept originates from the Theory of Planned
Behavior developed by Icek Ajzen, which suggests that attitudes toward the behavior, subjective
norms, and perceived behavioral control are the three main determinants of behavioral intention.
In this context, behavioral intention reflects the degree to which an individual intends or is
committed to performing a specific course of action (Ajzen, 1991).

In the field of digital financial services, behavioral intention is often defined as the user’s

readiness or propensity to use mobile banking applications to perform activities such as
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checking account balances, transferring money, and paying bills. Previous studies indicate that
behavioral intention plays a mediating role between users’ perceptions and their actual system
usage. For example, models such as the Unified Theory of Acceptance and Use of Technology
and the Technology Acceptance Model emphasize behavioral intention as a key factor in
technology adoption, influenced by variables such as perceived usefulness, perceived ease of
use, and social influence (Davis, 1989; Venkatesh et al., 2003).

Therefore, behavioral intention is used in this study as the central dependent variable that
reflects customers’ willingness to adopt mobile banking applications. The following subsections

will analyze the different determinants included in the research model.

3.2.Performance Expectancy

Performance Expectancy, defined as the degree to which an individual believes that using
mobile banking will enhance their job or personal performance, has emerged as one of the most
powerful and consistent predictors of adoption intention across diverse contexts. In Jordan,
(Alalwan et al., 2017) found that PE had a significant positive impact on Bl among bank
customers. This finding was echoed in Indonesia by (Amany & Indrayani, 2024), who reported
PE as a key driver of BI for users of LQ45-listed banks. Similarly, research in Tunisia by (Nasri,
2021) confirmed that PE significantly and positively influences users' Bl to adopt internet
banking services. The importance of perceived utility extends to specific demographic
groups;(Safitri et al., 2024) demonstrated that PE significantly affects Bl among Indonesian
mobile banking users, while (Permatasari et al., 2025) found the same for Generation Z users of
myBCA in Indonesia.

Furthermore, studies in China by (Mensah & Khan, 2024) and in Malaysia by (Al Tarawneh
et al., 2023) reinforced that when users believe mobile banking is useful for saving time,
managing finances, or accessing services conveniently, their intention to use it increases
substantially. Building on the previous findings and applying them to the context of this study,
performance expectancy is anticipated to play an important role in shaping customers’ intention
to use mobile banking app. Therefore, the following hypothesis is proposed:

H1: Performance expectancy has a positive effect on the behavioral intention to use mobile
banking apps.
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3.3.Effort Expectancy

Effort Expectancy which refers to the degree of ease associated with using the mobile
banking application, is another critical factor. A system perceived as simple and intuitive lowers
the cognitive barrier to entry, thereby fostering adoption. In Indonesia, (Amany & Indrayani,
2024) established that EE has a significant positive effect on BI. This was corroborated by (Fitri
& Widodo, 2020) in their study of Bank Mandiri customers, where EE was a significant
predictor of adoption. Research focusing on younger demographics also supports this;
(Permatasari et al., 2025) found that for Generation Z, a system that is easy to learn and operate
directly strengthens their intention to use it. The significance of usability was further highlighted
in a study of students in the Jabodetabek area of Indonesia by (Arief & Usman, 2025) which
showed that EE positively influences the decision-making regarding the use of mobile banking
payment systems. Even in a broader digital context, such as Al adoption in HR in Thailand,
(Tanantong & Wongras, 2024) confirmed that EE is a key determinant of behavioral intention,
underscoring its universal relevance in technology acceptance. Based on prior research and
extending these findings to the present study, effort expectancy is expected to positively
influence customers’ intention toward mobile banking usage. In other words, when customers
perceive mobile banking applications as easy to use, their intention to adopt and use these
services increases. Therefore, drawing on the strong theoretical rationale and empirical evidence
supporting the effect of effort expectancy on behavioral intention, the following hypothesis is

proposed:

H2: Effort expectancy has a positive effect on the behavioral intention to use mobile

banking apps.
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3.4.Facilitating Conditions

Facilitating Conditions encompassing the degree to which an individual believes that an
organizational and technical infrastructure exists to support the use of mobile banking, plays a
crucial role in enabling the transition from intention to action. Adequate support, reliable
infrastructure, and clear guidance are essential for sustained use. In Indonesia, (Amany &
Indrayani, 2024) found that FC significantly impacts BIl. This was also a key finding in the
Tunisian study by (Nasri, 2021), where FC showed a significant positive impact on users' Bl.
The necessity of a supportive environment was further emphasized by (Tsai, 2021) in a study
on mobile payments in Taiwan, where FC was a significant determinant of adoption intention.
Moreover, research on mobile wallet adoption in emerging markets by (Priandito et al., 2024)
concluded that FC is a critical factor influencing adoption, highlighting that even if a the
technology is perceived as useful and easy to use, its adoption will be hampered without the
necessary supporting infrastructure and resources. Based on the previous arguments and by
extending earlier findings to the context of this study, facilitating conditions are expected to
have a significant and positive influence on customers’ intention to use mobile banking apps. In
other words, when customers perceive that adequate resources, support, and technical
infrastructure are available, their intention to use mobile banking app is likely to increase.
Therefore, relying on the theoretical rationale and empirical evidence supporting the
relationship between facilitating conditions and behavioral intention, the following hypothesis
IS proposed.

Ha3: facilitating conditions have a positive effect on the behavioral intention to use mobile

banking apps
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Conclusion

This chapter has provided a structured review of the empirical literature and the theoretical
models that inform the present study. The international literature reveals consistent support for the
roles of Performance Expectancy, Effort Expectancy, and Facilitating Conditions in shaping
behavioral intention toward mobile banking, albeit with some variability depending on context. The
Algerian literature, while growing, remains primarily anchored in the TAM framework and focuses
on a limited set of variables. The critical analysis highlighted a central theoretical gap the absence
of the UTAUT2 framework in the Algerian mobile banking context which this research seeks to
address. The theoretical framework, comprising TAM, UTAUT, and UTAUT2, was presented, and
the three core constructs were defined and hypothesized as predictors of behavioral intention.

Having established the theoretical foundation and research hypotheses, the following chapter
presents the methodology employed to empirically test these hypotheses, as well as a description of

the study's field context.
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Chapter 2:

Methodology and Field of Study
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Introduction

The present chapter provides a comprehensive account of the scientific approach and
methodological choices that underpin this investigation. It adopts a positivist paradigm, justified
by the need to quantitatively examine the relationships between the constructs (PE, EE, FC, and
Bl), the deductive logic derived from the UTAUT2 model, and the use of standardized
measurement instruments. The research design is both descriptive and explanatory, employing
a quantitative cross-sectional survey approach, which is widely used in technology adoption

research.

1. Research paradigm

Any scientific research is grounded in a set of philosophical assumptions about the nature of
knowledge and reality. These assumptions define what is commonly referred to as the research
paradigm, a foundational framework that guides the researcher’s ontological, epistemological,
and methodological choices. Identifying the research paradigm is therefore not a mere formality;
it is a necessary step that ensures the internal coherence between the study’s philosophical

positioning and its empirical strategy.

The present study is positioned within the positivist paradigm. Positivism, as a philosophical
tradition rooted in the works of Auguste Comte and further developed in the social sciences by
researchers such as Bryman (2016), holds that social phenomena, including human behavior
toward technology, can be studied objectively and systematically. Under this view, reality exists
independently of the observer, and scientific knowledge is best produced through the
measurement of observable variables, the testing of theoretically derived hypotheses, and the

use of statistical inference to identify relationships between phenomena.

This epistemological positioning is fully consistent with the objectives of the present study
for three principal reasons. First, the study seeks to measure and quantify the relationships
between precisely defined theoretical constructs (PE), (EE), and (FC) and a dependent variable,
namely behavioral intention to use mobile banking applications. Such measurement is
inherently positivist in its logic. Second, the study follows a strictly deductive approach; it
departs from the established theoretical framework UTAUT2 (Venkatesh et al., 2012) and
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derives specific, testable hypotheses prior to data collection, following the classical hypothetico-
deductive model of scientific inquiry. Third, the use of structured questionnaires with
standardized items and a uniform response scale ensures that the data collected are comparable,

replicable, and amenable to statistical analysis.

Furthermore, the choice of the positivist paradigm is also justified by the explanatory purpose
of the present research. Rather than seeking to explore the subjective meanings or personal
experiences associated with mobile banking applications, this study aims to explain and predict
behavioral intention through the examination of theoretically established determinants. In this
regard, the research focuses on testing whether Performance Expectancy, Effort Expectancy,
and Facilitating Conditions significantly influence customers’ intention to use mobile banking
applications within the Algerian public banking context. Such an objective is fully aligned with
the positivist view that social phenomena can be investigated through observable and
measurable variables and that knowledge can be generated through the empirical testing of

theoretical propositions (Creswell & Creswell, 2018).

Moreover, the UTAUT2 model adopted in this study was originally developed and validated
within a positivist research tradition based on the measurement of latent constructs and the
statistical verification of causal relationships between variables (Venkatesh et al., 2003;
Venkatesh et al., 2012). Therefore, maintaining the same epistemological stance ensures
consistency between the theoretical framework, the research objectives, and the methodological
procedures employed. As argued by Saunders et al. (2019), positivism is particularly appropriate
when the objective is to test existing theories, verify hypotheses, and produce findings that are

reliable, replicable, and potentially generalizable beyond the immediate study context.

Consistent with the positivist paradigm, this study adopts a quantitative research approach
and a cross-sectional survey design. This combination is the dominant methodological choice
in the technology adoption literature, as confirmed by all quantitative studies reviewed in
Chapter 1, and is well-suited to testing the directional and relative effects of multiple
independent variables on a single dependent variable within a defined population.
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2. Research design

The present study adopts a quantitative descriptive and explanatory research design aimed at
examining the determinants of behavioral intention to use mobile banking applications among
customers of public banks in Algeria.

First, the study is descriptive in that it seeks to characterize individuals’ behavioral intentions and
perceptions regarding a set of key constructs derived from the UTAUT2 model, namely (PE), (EE),
and (FC). This allows for a systematic understanding of how respondents perceive and evaluate
mobile banking applications within the context of public banks.

Second, the study is explanatory as it aims to test the hypothesized relationships between the
independent variables (PE, EE, FC) and the dependent variable (behavioral intention). The objective
is to explain the variance in behavioral intention and to determine the relative importance of each
variable in influencing it within the specific context of public banks in Algeria.

The choice of a quantitative approach is consistent with the positivist paradigm adopted in this
study, as it enables the measurement of variables using standardized instruments and the application
of statistical techniques to test theoretical relationships. A structured questionnaire was used to
collect the data composed of closed-ended questions based on a Likert scale, ensuring consistency,
comparability, and suitability for statistical analysis.

The study also follows a deductive approach, as it is grounded in an established theoretical
framework the UTAUT2 model from which testable hypotheses were derived prior to data
collection. This approach is appropriate because the aim is not to explore a new phenomenon, but
rather to empirically test existing theoretical relationships within a defined context.

Finally, the study adopts a cross-sectional survey design, in which data were collected at a single
point in time from a defined population. This type of design is widely used in technology adoption
research and is particularly suitable for analyzing relationships between multiple variables within a

specific population in this case, customers of public banks in Algeria.
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3. Study Context and Rationale for Focusing on Public Banks

3.1.The Algerian Banking Sector: Structural Dominance of Public Banks

The Algerian banking sector is structurally characterized by the clear dominance of public
financial institutions. According to the most recent available data, the six major public banks (BNA),
(CPA), (BADR), (BDL), (CNEP), and (BEA) collectively account for the overwhelming majority
of banking customers, deposits, and branch networks across the country. In contrast, private and

foreign banks maintain a relatively limited presence, particularly in the retail banking segment.
This structural configuration has direct implications for research on mobile banking adoption in
Algeria. Any study aiming to understand the behavioral intentions of bank customers toward mobile
banking applications should primarily reflect the experiences of public bank customers, as they

represent the largest segment of the banking population.

Accordingly, this research focus reflects a clear methodological alignment between the study

design and the actual structural characteristics of the Algerian banking market.

34




3.2 Justification of the Choice of Public Banks

The focus on public banks in this study is based on three main reasons. First, public banks are the
primary actors in the Algerian banking sector, and they are among the institutions that have
developed mobile banking applications, making them a suitable context for studying behavioral
intention toward these applications.

Second, public banks offer greater accessibility and representativeness due to their extensive
branch networks, large customer base, and more active digital communication channels, which

facilitates access to a diverse sample.

Third, the findings of this study can contribute to providing useful recommendations for public

banks and for the Algerian banking sector as a whole.

4. Study Population and Sampling Strategy

4.1.Target Population

The target population of this study consists of customers of public banks in Algeria who
hold a bank account and have installed a mobile banking application on their smartphones. This
definition reflects a deliberate methodological choice that aligns with the nature of the research,
particularly with respect to the study of behavioral intention.

Most previous studies on mobile banking adoption focus on active and regular users, which
allows for the analysis of actual usage behavior. However, this approach excludes an important
category of individuals who have installed the application but have not yet transitioned to regular
use. This exclusion represents a methodological limitation, especially when the objective is to
study behavioral intention rather than actual usage.

Within this context, the installation of a mobile banking application was adopted as a key
inclusion criterion for the target population, as it indicates a minimum level of interaction with or
exposure to the technology under study. This criterion allows for the exclusion of individuals who
have never engaged with mobile banking applications and may lack a clear understanding of
them, which could affect the reliability of their responses.
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At the same time, installation does not necessarily imply actual or regular usage; rather, it
represents an intermediate stage between awareness and use. Accordingly, this definition of the
target population enables the study to focus on individuals who possess initial familiarity with the
application while remaining at a stage where behavioral intention plays a decisive role in the
transition toward actual use.

This approach allows for the examination of the determinants of behavioral intention at the pre-
adoption stage, which is particularly relevant in the Algerian context, where the level of actual

usage of mobile banking applications remains relatively low (Aboubaker et al., 2025) .

4.2.Sampling Strategy

The absence of a complete and accessible sampling frame for the defined target population as no
comprehensive registry exists for Algerian public bank customers who use mobile banking
applications made the application of probability-based random sampling technically unfeasible in this
study. In response, a non-probability purposive sampling approach was adopted, combined with
elements of convenience sampling linked to the geographic and institutional access available to the

researcher.

Purposive sampling also known as judgmental sampling is a systematic, criterion-based selection
technique in which participants are selected based on specific characteristics relevant to the research
objectives (Bryman, 2016). In this study, this approach was operationalized through two screening
filter questions placed at the beginning of the questionnaire, ensuring that only individuals meeting
the two essential criteria holding a bank account and having installed or used a mobile banking

application were included in the analytical sample.

This strategy is widely used and academically accepted in technology adoption research,
particularly when the target population cannot be identified through a pre-existing registry and when
researchers must rely on accessible channels to reach eligible participants (Sarstedt et al., 2019) .It is
also consistent with the sampling approaches used in similar Algerian studies, including (Bellahcene
& Latreche, 2023), (Reguig Khelifa & Chenni, 2024), and (Mansour et al., 2022), all of which adopted

non-probability sampling due to the same structural constraint.
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5. Data Collection Procedure
Data were collected through two complementary channels over the period from 15 March 2026

to 4 May 2026, using both digital and field-based approaches:

Regarding the use of both paper-based and electronic questionnaires, this was a methodological
choice aimed at reaching the largest possible number of bank customers and improving the
representation of different segments of society. This balance also contributed to increasing the
response rate and facilitating data collection within a limited period of time. To ensure
methodological consistency, the same questions and the same measurement scale were used in both
formats, which allowed the data to be merged and analyzed uniformly without significant

differences resulting from the method of distribution.

+ Online distribution via social media: The questionnaire was shared through official and
unofficial pages and groups of Algerian public banks on social media platforms, as well as
through comment sections, digital communities related to the banking sector, and private
accounts. This channel was selected to reach a geographically diverse sample of public bank
customers beyond the immediate local area.
» Self-administered questionnaire in bank branches (Khemis Miliana): In addition to the
online channel, the questionnaire was administered in person at several public bank branches in
the city of Khemis Miliana, Wilaya of Ain Defla. Respondents completed the questionnaire on-
site and in real time in the presence of the researcher. This method provides two main advantages:
it ensures higher data quality by allowing the researcher to clarify any ambiguities, and it captures
respondents in a relevant context of direct interaction with their banking institution.

The combination of these two channels one digital with wide geographic reach and the other
field-based and locally grounded enhances the representativeness of the sample by covering both
urban and semi-urban public bank customers, as well as individuals physically present at bank
branches.

Unlike experimental or probability-based designs, survey research relying on purposive sampling
does not require probabilistic sample size determination based on statistical power calculations or
a known population size. Given the absence of official and precise data regarding the total number
of customers of public banks who have access to mobile banking applications, this population is

considered to be of unknown size. Therefore, it is neither technically possible nor methodologically

37




required to determine the sample size in advance using probabilistic formulas (Cochran, 1977,
Sarstedt et al., 2019).

Instead, sample adequacy in this study is assessed a posteriori, after data collection, based on
two complementary criteria. First, the rule of thumb proposed by Hair et al. (2019) for multiple
linear regression suggests a minimum of ten to twenty observations per independent variable; since
the study includes three independent variables, the minimum required sample size ranges between
30 and 60 valid responses.

Second, the adequacy of the sample is further supported by its consistency with sample sizes
in similar studies in the field of mobile banking adoption, ensuring sufficient statistical used power
to detect significant relationships between variables (Hair et al., 2019; Cohen, 1992) A total of
202 responses were collected through the two distribution channels. After applying the screening
questions and removing incomplete or internally inconsistent responses, 168 valid responses were
retained for statistical analysis. This sample size is well above the minimum required threshold for
regression analysis (60 observations) and is consistent with similar Algerian studies in the field of
mobile banking adoption, such as ( Tiar et al., 2024) with 170 participants, (Mansour et al., 2022)
with 174 participants, and (Reguig Khelifa & Chenni, 2024) with 200 participants, confirming the
statistical adequacy of the sample.

6. Measurement Instrument

6.1.Questionnaire Design and Language

Data were collected using a self-administered structured questionnaire, which is the most
commonly used and methodologically appropriate instrument in quantitative research on technology
adoption. The questionnaire was designed in Arabic, the primary language of the Algerian
population, in order to ensure a high level of comprehension and accurate responses across all
respondent categories, regardless of their educational level. This choice helps eliminate linguistic
barriers associated with French or English and ensures that respondents engage with the constructs

in a manner consistent with the study’s theoretical framework.

38




Section 1: Screening Questions (Eligibility Check):

Two screening questions were included at the beginning of the questionnaire: (1) “Do you have
a bank account with one of the public banks?” and (2) “Have you ever dealt with mobile banking
applications (downloaded or used)?”. These questions were used to identify eligible participants for
the study. All responses were initially collected, and data were subsequently cleaned during the data
analysis stage in accordance with the study’s criteria, retaining only those responses that met the

eligibility requirements.

Section 2: Measurement Items:
This section measures the three independent variables (PE, EE, and FC), as well as the

dependent variable (BI). Each construct was operationalized using three measurement items.

Section 3: Socio-Demographic Information:
This section includes questions related to age, gender, educational level.

6.2.Measurement Items, Scale, and Validation

Each construct was measured using three items adapted and modified from the validated
scales of the UTAUT2 model (Venkatesh et al., 2012) , as well as from items derived from previous
studies in the of mobile banking adoption, such as (Gharaibeh & Arshad, 2018) and (Jiang et al.,
2024). These sources were combined in order to enhance content validity and ensure the relevance
of the measurement items to the Algerian context, with all items translated into Arabic.

All responses were recorded responses were recorded on a five-level ordinal scale, anchored
at one end by strong disagreement and at the other by strong agreement, which is the most commonly
used scale in technology adoption research and provides reliable ordinal data suitable for regression-
based statistical analysis.

Prior to distribution, the questionnaire was reviewed by three academic experts specializing
in management sciences and quantitative research methods. Their feedback contributed to improving
item wording, enhancing linguistic clarity, and refining the overall structure of the questionnaire,
ensuring that the final instrument accurately reflects the theoretical constructs and is well adapted to

the Algerian context.
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Table 4 : Survey measurement

3items | 5-point Likert (1 = Strongly Disagree Venkatesh et al. (2012)
— 5 = Strongly Agree) (Gharaibeh & Arshad, 2018)
(Jiang et al., 2024)

3items | 5-point Likert (1 = Strongly Disagree Venkatesh et al. (2012)

— 5 = Strongly Agree) (Gharaibeh & Arshad, 2018)
(Jiang et al., 2024)

3 items | 5-point Likert (1 = Strongly Disagree Venkatesh et al. (2012)

— 5 = Strongly Agree) (Gharaibeh & Arshad, 2018)
(Jiang et al., 2024)

3 items | 5-point Likert (1 = Strongly Disagree Venkatesh et al. (2012)
— 5 = Strongly Agree) (Gharaibeh & Arshad, 2018)
(Jiang et al., 2024)

Source: Own elaboration.
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7. Data Analysis Methods

The analysis of the collected data was performed using a sequential statistical procedure,
progressing from preliminary data quality tests to the main inferential analysis. The analytical
strategy comprises two phases:

7.1.Descriptive Statistics

Means and standard deviations were computed to provide an overview of respondents’ perceptions
and demographic characteristics (Pallant, 2020).

7.2.Preliminary and Diagnostic Tests

Prior to hypothesis testing, several preliminary and diagnostic tests were conducted to ensure data
quality and the suitability of the regression model.
Reliability Analysis:

Scale reliability was evaluated through Cronbach's alpha coefficient, a widely accepted measure
of internal consistency in social science research. A threshold of a> 0.70 was considered acceptable,

indicating reliable constructs (Nunnally, 1978; Hair et al., 2019).

7.3.Assessment of Regression Assumptions
In order to validate the use of multiple linear regression, key assumptions were examined:
7.3.1. Normality of Residuals
The normality assumption was assessed using the Kolmogorov—Smirnov test and supported by
graphical methods. Given the relatively large sample size (N = 168), the test results indicated that
the residuals were approximately normally distributed, satisfying the normality assumption (Field,
2018; Tabachnick & Fidell, 2013).
7.3.2. Homoscedasticity
The assumption of homoscedasticity was assessed using a scatterplot of standardized residuals
(ZRESID) against standardized predicted values (ZPRED). The random distribution of the points

indicated that the assumption of homoscedasticity was satisfied (Field, 2018).
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7.3.3. Multicollinearity
To test for multicollinearity, the Variance Inflation Factor (VIF) was applied to the independent
variables, and tolerance values. All VIF values were below the recommended
threshold of 5, and tolerance values exceeded 0.20, indicating no multicollinearity issues (Hair et al.,
2019; Pallant, 2020).

7.3.4. Outliers Detection

A small number of outliers were identified in the dataset; however, they were retained in the
analysis as diagnostic tests, including standardized residuals, leverage values, and Cook’s distance,
indicated that they did not exert a significant influence on the regression model. This suggests that
the identified cases did not distort parameter estimates or affect the overall model fit. This approach
is consistent with (Field, 2018) and (Tabachnick & Fidell, 2013) who recommend retaining valid

outliers when they do not have a substantial impact on regression results.

7.4.Main Analysis: Multiple Linear Regression

The primary technique is Multiple Linear Regression (MLR), which estimates the individual
and collective effects of the independent variables (PE, EE, FC) on Behavioral Intention. This
method is appropriate for the explanatory nature of this study. Key outputs include:

e Standardized Coefficients (B): To determine the relative strength of each predictor.

o t-statistics and p-values: To test the significance of individual hypotheses (o = 0.05).

« Coefficient of Determination (R?): To measure the overall explanatory power of the
model.

o F-statistic: To evaluate the overall significance of the regression.

This approach is consistent with prior Algerian banking studies (Bellahcene & Latreche, 2023;
Mansour et al., 2022) and with the UTAUT2 research tradition internationally, and is the

most suitable method for achieving the explanatory objectives of the study.
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Conclusion

In conclusion, this chapter has presented the methodological framework adopted in this study,
encompassing the research paradigm, research design, data collection procedures, and analytical
techniques. The adoption of a quantitative cross-sectional approach, coupled with rigorous
statistical methods such as reliability analysis and multiple linear regression, enhances the validity
and robustness of the findings.

Furthermore, this methodological approach is consistent with prior research conducted in the
Algerian banking context and aligns with the UTAUT?2 research framework, thereby ensuring its

suitability for achieving the study’s objectives.
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Chapter 3:

Results, Analysis, and Discussion
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Introduction

This chapter presents the empirical findings of the study in a structured and sequential manner,
progressing from data quality assessment to hypothesis testing, interpretation, and discussion. It
begins with the presentation of descriptive statistics, followed by an examination of reliability and
validity, then the testing of regression assumptions, and finally the results of the multiple linear
regression analysis. The chapter concludes with a comprehensive discussion of the findings

compared to previous studies and the theoretical framework of the UTAUT2 model.

Section 1: Results, Analysis

1. Descriptive Statistics

Table 5:Gender Distribution of the Study Respondents

91
77 45.8%

168 100%
Source: Prepared using SPSS 27
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Figure 5:Gender Distribution

45.80% Female

54.20% Male

Source: Own elaboration.

As observed, the sample demonstrates a relatively balanced gender distribution, with a
slight male predominance. This near-equal representation is considered acceptable in

quantitative social science research, as it reduces the risk of gender-related response bias and

enhances the representativeness of the findings.

Table 6:Age Distribution of the Study Respondents

28

60 35.7%
58 34.5%
11 6.5%
11 6.5%
168 100%

Source: Prepared using SPSS 27
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Figure 6:Age Distribution

Age Group

18-28 years

29-39 years

40-50 years

51-61 years

61 years and
above

, Percentage of
7 Respondents

Source: Own elaboration.

We observe the distribution of respondents across different age groups. The largest
proportion of the sample falls within the 29-39 age group (35.7%), followed closely by those
aged
40-50 (34.5%). Participants aged 18-28 represent 16.7% of the sample, while the older age
groups,

51-61 and 61 years and above, each account for 6.5%.

These results indicate that the sample is predominantly composed of middle-aged individuals,
suggesting a stronger representation of respondents in their economically active years. This
distribution is appropriate for studies related to technology usage or banking services, as these
age

groups are typically more engaged with such applications.
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Table 7:Education Level Distribution of the Study Respondents

22.0%
20.2%
53.0%
4.8%

100.0%

Source: Prepared using SPSS 27

Figure 7:Education Level Distribution

4.80% Doctorate
X 22% Technical (Higher Technician)

53% University 20.20% Secondary or Less

Source: Own elaboration.

The table shows that most respondents are university graduates, representing 53.0% of the
sample, indicating a generally well-educated population. Participants with technical education
account for 22.0%, while those with secondary education or less represent 20.2%. Doctorate
holders form the smallest group at 4.8%. Overall, the sample is mainly composed of individuals
with higher education qualifications.
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Table 8:Descriptive Statistics of the Variables

168 1.33 5.00 2.9048 1.00375
168 1.00 4.67 2.9306 0.99824
168 1.00 5.00 2.9087 1.03415
168 1.33 4.67 2.9147 0.96925

Source: Prepared using SPSS 27

The results presented in Table 8 show that all four variables record mean values
approximating the midpoint of the measurement scale (around 2.9 out of 5), reflecting moderate
perceptions among respondents regarding mobile banking applications. This indicates a neutral
stance, which is consistent with the limited adoption of mobile banking in Algeria, where the

penetration rate remains below 26% of bank customers.

The standard deviation values, all approximating 1, indicate moderate variability in
responses, reflecting a diversity of opinions among respondents rather than a clear consensus.
This is expected given the differences in digital experience and access to technology among the

sample members.

Notably, the “Facilitating Conditions” variable recorded the highest level of dispersion,
reflecting significant disparities in access to technological infrastructure and institutional
support, which is consistent with the uneven distribution of internet connectivity and digital
resources across different regions of Algeria. In contrast, the “Behavioral Intention” variable
shows the lowest dispersion, indicating a convergence in respondents’ intentions to adopt

mobile banking services.

Overall, these descriptive results provide an important foundation for the subsequent
regression analysis and reflect the early stage of mobile banking diffusion in the Algerian
banking sector, where users have not yet developed strong or clearly defined attitudes toward

digital banking technologies.
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Table 9:Mean Values of Variables (PE, EE, FC) by Age Group

28 2.9167

60 3.0111 2.9667 2.9667
58 2.9598 3.0345 2.9023
11 2.5152 2.6061 2.7576
11 s ge o 2.6061 2.7273
168 2.9048 2.9306 2.9087

Source: Prepared using SPSS 27

The table presents the descriptive statistics of the main variables across different age groups.
Overall, As observed, mean values across the three variables remain relatively consistent among
younger and middle-aged respondents, reflecting broadly similar perceptions of mobile banking

usefulness, ease of use, and supporting conditions within these groups.

Respondents in the 29-39 and 40-50 age groups demonstrate the most favorable perceptions
across all three constructs, suggesting that economically active middle-aged individuals are
better positioned both cognitively and technically to appreciate the benefits of mobile banking

applications.

In contrast, respondents aged 51 years and above show a notable decline in mean values
across all variables, indicating weaker perceptions of usefulness, ease of use, and facilitating
conditions. This pattern is consistent with the broader technology acceptance literature, which
consistently identifies age as an inverse determinant of digital technology adoption.

Overall, these results suggest that age plays a meaningful role in shaping perceptions of
mobile banking, with younger and middle-aged respondents demonstrating systematically more
favorable attitudes than their older counterparts.
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Table 10:Mean Values of Variables (PE, EE, FC) by Age Educational Level

2.8919

2.8829

2.7255 2.9706 2.7549
2.9551 2.8876 2.9064
3.1667 3.4583 3.1250
2.9048 2.9306 2.9087

Source: Prepared using SPSS 27

As observed, educational level appears to be positively associated with perceptions of
mobile banking across all three constructs. Respondents holding doctoral degrees consistently
report the most favorable perceptions, particularly regarding Effort Expectancy, suggesting that
higher academic qualifications are associated with greater confidence in using digital banking
technologies.

University-educated respondents also demonstrate relatively favorable perceptions,
making them an important target segment for mobile banking adoption initiatives. In contrast,
respondents with secondary education or below report comparatively weaker perceptions of

usefulness and facilitating conditions.

Respondents with an advanced technician qualification occupy an intermediate position
across all constructs, reflecting a moderate level of familiarity with digital services.

Overall, these results suggest that educational attainment plays a meaningful role in
shaping perceptions of mobile banking, with higher education associated with greater cognitive
readiness for digital financial services. This finding carries important practical implications for
banks seeking to design targeted awareness and onboarding programs for less-educated

customer segments.
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Table 11:Descriptive Statistics of Behavioral Intention across Age Groups

2.8214 28 1.07145
2.9889 60 0.87434
2.9828 58 1.00180
2.7576 11 1.12636
2.5455 11 0.91010
2.9147 168 0.96925

Source: Prepared using SPSS 27

It is observed that behavioral intention varies moderately across age groups, with middle-
aged respondents demonstrating the strongest adoption intentions. This pattern suggests that
individuals in their economically active years are more likely to adopt mobile banking services,

probably because of increased exposure to digital technologies and higher banking activity.

The gradual decline in behavioral intention among older age groups is consistent with
the broader technology acceptance literature, which identifies age as an inverse predictor of
digital adoption intentions. This finding highlights the importance of designing age-appropriate
onboarding strategies and simplified user interfaces to encourage adoption among older banking

customers.

In contrast, the relatively moderate behavioral intention observed among the youngest
age group (18-28 years) may reflect limited financial independence or lower engagement with

formal banking services at this stage of life, rather than a lack of technological familiarity.

Overall, these results confirm that age is a meaningful contextual factor in shaping
behavioral intention toward mobile banking, with important implications for how Algerian

public banks segment their customers and design their digital communication strategies.
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Table 12: Descriptive Statistics of Behavioral Intention across Educational Level

2.9314

1.05339

2.8951 89 0.95293
3.2083 8 1.08288
2.9147 168 0.96925

Source: Prepared using SPSS 27

The table presents the descriptive statistics of Behavioral Intention (BI) across different

educational levels. Overall, the mean values of behavioral intention show slight variation among

the groups, indicating limited differences in individuals’ intention to utilize mobile banking

systems banking applications based on their educational background.

Respondents with a doctoral degree report the highest mean (3.2083), suggesting that

individuals with the highest level of education exhibit the strongest intention to use mobile

banking applications. Participants with secondary education or below shows a relatively high

mean (2.9314), followed by those with a university-level education (2.8951) and advanced

technician level (2.8829), all indicating moderate and relatively similar levels of behavioral

intention. Overall, the results suggest that while behavioral intention is fairly consistent across

most educational levels, it tends to be slightly higher among individuals with advanced

academic qualifications, particularly those holding doctoral degrees.
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2. Reliability and validity Analysis

Table 13: Reliability Analysis Summary

Performance

Expectancy
Effort Expectancy 3 0.744

Facilitating 3 0.783
Conditions
Behavioral Intention | 3 0.679

Overall Scale 12 0.852*

Source: Prepared using SPSS 27

Overall Reliability: The total scale alpha of 0.852 reflects a high degree of internal consistency
for the instrument as a whole. This suggests that the 12 items collectively measure the
underlying construct effectively.

Individual Dimensions:

e PE, EE, and FC all exceed the generally accepted threshold of 0.70, confirming that
these sub-scales are reliable for academic research.

o Bl at0.679 is slightly below the preferred 0.70 mark. In many social science contexts, a
value between 0.60 and 0.70 is considered "acceptable" or "marginally reliable," especially

for scales with a small number of items (3 items in this case).

In addition to reliability, the validity of the measurement instrument was assessed at two
levels. First, content validity was ensured through expert review by three academic specialists
in management sciences and quantitative methods, who confirmed that all items accurately
reflect the theoretical constructs of the UTAUT2 model (Venkatesh et al., 2012). Second,
construct validity is supported by the direct adaptation of scales from previously validated
instruments (Gharaibeh & Arshad, 2018; Jiang et al., 2024), which have been empirically tested

across multiple mobile banking contexts.
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3. Regression Assumptions

3.1.Normality of Residuals

Table 14:Tests of Normality for Standardized Residuals

Source: Prepared using SPSS 27

The normality of standardized residuals was assessed using the Kolmogorov—-Smirnov

test, which is appropriate for large samples (N = 168). The results were non-significant (p =

0.200 > 0.05), indicating that the null hypothesis of normality cannot be rejected. Therefore, the

residuals are considered normally distributed, and the assumption of normality is satisfied.

Although the Shapiro-Wilk test indicated statistical significance (p = 0.013 < 0.05), this

result is interpreted with caution due to its sensitivity to large sample sizes, where minor

deviations from normality may appear significant without practical relevance (Field, 2018).

Given the confirmation from the Kolmogorov—-Smirnov test and the robustness ensured by the

Central Limit Theorem for samples above 100 observations (Hair et al., 2019), the normality

assumption is deemed adequately satisfied for regression analysis.

3.2.Multicollinearity Diagnostics
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Table 15:Multicollinearity Diagnostics (VIF and Tolerance Values)

0.332

0.421 2.376

0.373 2.679

Source: Prepared using SPSS 27

Multicollinearity among the independent variables (PE, EE, and FC) was assessed using the
Variance Inflation Factor (VIF) and tolerance values. As presented in Table 15, all VIF values
ranged between 2.376 and 3.015, which are well below the commonly accepted threshold of 5. In
addition, tolerance values ranged from 0.332 to 0.421, exceeding the minimum acceptable level of
0.20.

These results indicate that there is no significant multicollinearity among the independent
variables, suggesting that each predictor contributes uniquely to the model. Therefore, the

assumption of no multicollinearity required for multiple linear regression is satisfied.
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3.3. Homoscedasticity

The homoscedasticity assumption was assessed using a scatterplot of standardized residuals

against standardized predicted values, was examined to ensure that the distribution of points

appears random, with no clear pattern or systematic structure.

Figure 8: scatterplot of standardized residuals versus standardized predicted
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Source: Prepared using SPSS 27

Figure 8 presents a scatterplot of standardized residuals against standardized predicted

values. The distribution of the residuals appears random, with no discernible pattern or

systematic structure, suggesting that the variance of the residuals remains constant across all

levels of the predicted values. Therefore, the assumption of homoscedasticity is considered

satisfied.

Following the verification of the key assumptions underlying multiple linear regression,

including the normality of residuals, the absence of multicollinearity, and homoscedasticity, the

dataset was deemed appropriate for further statistical analysis. Consequently, multiple linear

regression analysis.
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3.4.0utliers Detection

Although several outliers were detected in the dataset, they were not removed from the
analysis because influence diagnostics indicated that these observations were not excessively
influential. Specifically, the examination of standardized residuals, leverage statistics, and
Cook’s distance revealed no evidence that the identified cases biased the regression coefficients
or compromised the goodness-of-fit of the model. According to methodological guidelines,
outliers that represent legitimate observations and do not substantially affect model estimation
may be retained in the analysis (Field, 2018; Tabachnick & Fidell, 2013).

4. Analysis Hypothesis

4.1.Regression Model Equation

Based on the theoretical framework and the empirical design of this study, the multiple linear
regression model examining the determinants of Behavioral Intention (BI) is formally specified
as follows:

BI = o + BiPE + B:EE + BsFC + ¢

4.2.Model Fit Analysis (Model Summary)
Table 16 shows how well the model explains the dependent variable and the strength of the
relationship between the independent and dependent variables.

Table 16:Model Summary

1 0.855 0.731 0.727 0.50682

Source: Prepared using SPSS 27

Analysis: The table indicates that the correlation coefficient (R) reached 0.855, signifying a
very strong positive relationship between the independent variables and Behavioral Intention.
Furthermore, the R-Square (R?) value is 0.731, which means that the independent variables (PE,

EE, FC) collectively explain 73.1% of the variance in the Behavioral Intention to use mobile
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banking applications. The remaining percentage (26.9%) is attributed to other factors not

included in the current model.

4.3. Analysis of Variance (ANOVA)
This analysis is used to confirm the overall statistical significance of the model.

Table 17: ANOVA Results

114.762 148.924

42.127 164 0.257

156.888 167

Source: Prepared using SPSS 27

Analysis: The calculated F-value is 148.924 with a significance level of less than 0.001.
Since this is below the standard significance threshold (0.05), the model is statistically
significant and valid for hypothesis testing. This indicates that the independent variables

collectively have a statistically significant effect on the dependent variable.
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1.

2.

4.4. Analysis Hypothesis

Table 18: Regression Coefficients

2.129

0.365 0.378 5.384 <.001 3.015
0.346 0.356 5.705 <.001 2.376
0.193 0.206 3.114 0.002 2.679

Source: Prepared using SPSS 27

Based on the statistical results in the coefficients table, the hypotheses are discussed as follows:
Testing Hypothesis One (H1):

Hypothesis Statement: Performance Expectancy has a positive effect on the behavioral
intention to use mobile banking apps.

Analysis: The standardized coefficient () for this variable is 0.378, with a t-value of
5.384, which is statistically significant at the 0.001 level (p < 0.001)

Decision: Accept Hypothesis (H1). This confirms that users believe using banking

applications enhances their efficiency and speed in conducting financial transactions.

Testing Hypothesis Two (H2):

Hypothesis Statement: Effort Expectancy has a positive effect on the behavioral
intention to use mobile banking apps.

Analysis: The standardized coefficient (g) for this variable is 0.356, with a t-value of
5.705, which is statistically significant at the 0.001 level (p < 0.001)

Decision: Accept Hypothesis (H2). This indicates that ease of use and interface clarity

significantly motivate individuals to adopt and use the applications.
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Testing Hypothesis Three (H3):

« Hypothesis Statement: Facilitating Conditions have a positive effect on the behavioral
intention to use mobile banking apps.

o Analysis: The standardized coefficient (B) for this variable is 0.206, with a t-value of
3.114, and is statistically significant at the 0.05 level (p = 0.002 <0.05).

e Decision: Accept Hypothesis (H3). This means that the availability of technical
resources (such as smartphones and internet) and necessary technical support

strengthens the users' intention to engage with these applications.
Substituting the estimated coefficients from Table 18, the empirical regression equation is:
B1=0.279+0.365(PE)+0.346(EE)+0.193(FC)
The study confirmed the significant impact of all studied UTAUT2 constructs. (PE) was
found to be the most influential variable on behavioral intention (highest Beta value), followed
by (EE), and then (FC). Additionally, the Variance Inflation Factor (VIF) values, ranging

between 2.376 and 3.015, confirm the absence of "multicollinearity” issues, as they are well
below the threshold of 5 or 10.
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Section 2: Discussion of Results

1. Main Findings

The empirical analysis reveals that all three independent variables PE, EE, and FC exert a
statistically significant and positive influence on behavioral intention to use mobile banking
applications among customers of public banks in Algeria. The model demonstrates strong
explanatory power (R? = 0.731), indicating that the selected UTAUT2 constructs are well-suited
to the Algerian mobile banking context. Performance Expectancy is the dominant predictor,
followed closely by Effort Expectancy, while Facilitating Conditions, though significant,

contribute to a lesser degree.

2. Comparison with International Literature

The identification of Performance Expectancy as the strongest predictor of behavioral
intention is strongly aligned with the international literature. Jiang et al. (2024), in their study
of the China Construction Bank mobile application, demonstrated that Performance Expectancy
significantly influences users’ intention to adopt mobile banking, which supports the findings
of the present study. Similarly, Gharaibeh and Arshad (2018), in the context of mobile banking
adoption in Jordan, confirmed Performance Expectancy as a significant determinant of
behavioral intention. In addition, Apau et al. (2025) highlighted its importance in the UK
context, where it explained 79% of the variance in behavioral intention within an extended
UTAUT2 model.

Within the Algerian context, Reguig Khelifa and Chenni (2024) also found that perceived
benefit the TAM equivalent of Performance Expectancy was the strongest predictor of intention
to use the MobiBank service. Likewise, Bellahcene and Latreche (2023) emphasized the central

role of perceived usefulness in shaping adoption attitudes.

The acceptance of Hypothesis H2, confirming the significant positive effect of Effort
Expectancy on behavioral intention, is consistent with the findings of Jiang et al. (2024),
Gharaibeh and Arshad (2018), and Apau et al. (2025), all of whom identified Effort Expectancy
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as a significant predictor in UTAUT2-based studies. However, this result contrasts with Nopiani
and Putra (2021) and Girbiz and Kaplan (2021), who reported

Effort Expectancy as non-significant or inconsistent across contexts, suggesting that its
influence may depend on the technological maturity of the market and the specific digital service
under study.

The significant positive effect of Facilitating Conditions on behavioral intention is also
consistent with previous studies such as Jiang et al. (2024), Gharaibeh and Arshad (2018), and
Bellahcene and Latreche (2023). This finding is particularly relevant in the Algerian context,
where infrastructural constraints, including uneven internet connectivity, limited digital literacy,
and insufficient technical support, continue to hinder adoption. The importance of Facilitating
Conditions highlights the critical role of a supportive technological and institutional

environment in promoting users’ intention to adopt mobile banking services.

Explanation of Findings

The study findings indicate that Performance Expectancy was the most significant factor
influencing the intention to use mobile banking services, as Algerian users mainly focus on
practical benefits such as saving time and facilitating financial transactions. The findings also
indicate that the ease of use of the application significantly influences adoption intention,
highlighting the importance of designing simple and user-friendly applications. In addition,
Facilitating Conditions such as internet availability, smartphones, and technical support play a
positive role in encouraging users to adopt digital banking services, although their effect was

the weakest compared to the other variables.
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3. Critical Analysis of Results
3.1.Justification of the High Explanatory Power (Rz = 0.731)

The model’s explanatory power of 73.1% is considered notably high in behavioral studies
within the social sciences, where R? values typically range between 30% and 60%. This high
value can be explained by several factors. First, the three selected variables (PE), (EE), and (FC)
represent the theoretically strongest and empirically most consistent determinants within the
UTAUT2 framework, as confirmed by several international studies (Jiang et al., 2024,
Gharaibeh & Arshad, 2018; Apau et al., 2025). Second, the study’s focus on a specific and
relatively homogeneous population customers of Algerian public banks who had already
interacted with mobile banking applications may have reduced the influence of extraneous
variability, thereby strengthening the model’s explanatory power. Third, it should be
acknowledged that the cross-sectional design based on a single data source may have
contributed to inflating the relationships among variables, since respondents answered all items
at the same point in time, potentially introducing common method bias (Podsakoff et al., 2003).
This limitation is explicitly acknowledged and does not invalidate the findings; however, it calls

for a cautious interpretation of the R2 value.

3.2.The Near-Equal Effect of PE and EE: A Contextual Interpretation

A particularly noteworthy finding is the near-identical standardized coefficients of
Performance Expectancy (B = 0.378) and Effort Expectancy (B = 0.356), suggesting that in the
Algerian mobile banking context, perceived usefulness and perceived ease of use are almost
equally influential in shaping adoption intention. This stands in contrast to findings from more

technologically mature markets, where PE typically dominates EE by a wider margin.

This convergence can be interpreted as a reflection of Algeria's early-stage digital banking
environment: users are simultaneously asking 'Is this useful?' and 'Can | actually use it?" two
questions that are inseparable at this stage of adoption. For Algerian bank customers, many of
whom are navigating digital financial services for the first time, a highly useful but complex
application is as unlikely to be adopted as a simple but functionless one. This finding therefore
carries an important practical message: interface design and functional performance must be

developed in tandem.
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3.3.The Relative Weakness of Facilitating Conditions: A Paradox Worth Examining

The weakest variable in the model Facilitating Conditions (B = 0.206) represents an apparent
paradox in light of the substantial public investments in digital infrastructure in Algeria,
including the expansion of 4G networks, the increasing spread of smartphones, and government-
led digital transformation initiatives. If the infrastructure is improving, why do facilitating

conditions remain the weakest determinant of adoption intention?

Three complementary explanations are proposed. First, the participants in this study were
users who had already interacted with mobile banking applications, meaning they represent a
self-selected group that already possesses the minimum required access to devices and internet
connectivity. Within this subgroup, variability in facilitating conditions is naturally compressed,
thereby reducing its explanatory power. Second, the weakness of this variable may not reflect
deficiencies in infrastructure itself, but rather shortcomings in institutional support particularly
limited in-app guidance, weak user interface design, and insufficient technical assistance from
bank employees. In other words, the issue may not lie in the availability of resources, but in the
quality of the enabling environment provided by the banks themselves. Third, this finding aligns
with a well-established pattern in the literature, whereby facilitating conditions tend to exert a
stronger influence on actual usage behavior than on behavioral intention a distinction that falls
outside the scope of the present study but deserves further attention in future research
(Venkatesh et al., 2012).
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3.4.Consistency Between Descriptive and Inferential Results

A potential inconsistency between the descriptive and regression results warrants explicit
discussion. The descriptive analysis reveals that mean scores across all constructs hover around
the midpoint of the scale (approximately 2.9 out of 5), indicating moderate-to-low perceptions
among respondents. This might appear contradictory to the strong explanatory power of the

regression model (R2=0.731).

However, this apparent contradiction may be explained by upon closer examination.
Regression analysis does not measure the absolute level of attitudes; it measures the strength of
the relationship between variables. A high R2 indicates that individuals with relatively higher
PE, EE, and FC scores consistently demonstrate higher Bl regardless of whether the overall
level of these perceptions is high or low. The moderate mean values therefore reflect the early-
stage adoption reality of Algerian mobile banking, while the strong regression results confirm
that the UTAUT?2 constructs are valid and reliable predictors of intention even within a context

of generally moderate perceptions.

Taken together, these two sets of findings are not contradictory but complementary: the
descriptive results tell us where Algerian users currently stand, while the regression results tell

us what moves them.

3.5.Limitations of Applying a Western Model Without Contextual Adaptation

A legitimate theoretical concern raised by this study is the application of UTAUTZ2 a model
developed and validated predominantly in Western and East Asian contexts to the Algerian
banking environment without incorporating context-specific variables. Constructs such as
perceived trust, perceived risk, and Digital financial literacy is particularly important in a market
where mobile banking is still in its early stages and where consumer trust in digital financial

transactions remains limited.

The exclusion of these variables was a deliberate methodological choice aimed at achieving

theoretical parsimony and maintaining focus on the core UTAUT?2 constructs.
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However, the 26.9% of unexplained variance in behavioral intention suggests that additional
context-specific factors are at play. Future research should consider integrating trust and
perceived risk variables identified as significant in the Algerian context by Reguig Khelifa and
Chenni (2024) into an extended UTAUT2 framework tailored to the specificities of the Algerian

financial environment.

4. Recommendations Directed to Bank Managers
4.1.Building Digital Trust

The model applied in this study leaves 26.9% of behavioral intention unexplained, which most
likely reflects persistent concerns related to trust and perceived risk, especially in a digital
financial environment that has not yet reached a mature stage in Algeria. Therefore, public banks

should consider digital trust a genuine strategic priority.
Accordingly, bank managers are recommended to:

o Create a dedicated Security and Transparency section within banking applications,
explaining data protection and privacy mechanisms in simple language and in Arabic.

e Publish periodic reports containing concrete figures on the number of completed
transactions, any security incidents that may occur, and how they were addressed.

e Regularly measure customers’ digital trust levels through short in-app surveys and treat

the results as a strategic indicator that is no less important than usage metrics.

4.2.Concerning the Sample and Generalizing the Results with Caution

The study explicitly acknowledged that the sample of 168 respondents cannot represent the
millions among clients of Algerian public banks. In addition, the use of non-probability
sampling limits the generalizability of the findings. Furthermore, combining paper-based field
questionnaires in Khemis Miliana with online questionnaires was a deliberate methodological
choice to reach different customer segments, but it may also have introduced variation in
respondents’ characteristics.
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In this regard, bank managers are advised to:

Avoid building strategic decisions solely on the basis of a single study; instead, combine
academic research findings with actual application usage data, such as login frequency,
transaction abandonment rates, and the most frequently used services.

Conduct regular internal surveys at least quarterly directly through the banking
application, using only two or three concise questions in order to collect more
representative customer data.

Differentiate between customer segments, particularly middle-aged and university-
educated users (the dominant profile in this study) and older or less educated customers,

since each group requires different intervention strategies.

4.3. Performance Expectancy and Building on the Strongest Influencing Factor

The findings revealed that performance expectancy was the strongest predictor of mobile

banking adoption intention. Algerian customers adopt banking applications when they perceive

clear and tangible benefits in their daily lives, not simply because the application is available.

Therefore, bank managers are encouraged to:

Launch practical and targeted awareness campaigns rather than general promotional
campaigns. For example, short videos can demonstrate how the application helps users
avoid waiting in queues during salary payment periods or enables them to pay Sonelgaz
bills from home within minutes.

Display such content inside bank branches and on the bank’s official social media
platforms.

Link every new application feature to a clear explanation of the direct benefit it provides

to customers, instead of merely announcing the addition of the feature.
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4.4 Effort Expectancy Ease of Use Is a Fundamental Condition for Adoption

Effort expectancy showed a level of influence very close to that of performance expectancy,
indicating that customers may avoid using the application if they perceive it as complicated,

even when they recognize its usefulness.

In light of this, banks should:

e Conduct regular usability tests involving customers with different levels of digital
literacy, including individuals with limited technological experience.

o Prioritize simplifying the initial registration process, as it represents one of the most
common sources of user frustration.

« Ensure that the application interface is fully available in multiple languages and that the
five most frequently used operations require no more than three steps.

e Assign a dedicated “digital guide” employee in every branch whose primary role is to

assist customers in activating and using the application for the first time.

4.5.Targeting Less Digitally Integrated Groups

The sample characteristics, which were dominated by middle-aged and university-educated
individuals, suggest that older and less educated groups remain insufficiently targeted despite

their significant potential for future adoption.

Accordingly, banks are recommended to:

« Develop simplified versions of banking applications or specialized interfaces designed
for users with limited digital experience.
o Design awareness campaigns specifically targeting these groups through community

channels and local branches in order to improve outreach effectiveness.
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4.6.Strengthening National Cooperation in Digital Banking Literacy

National-level coordination between public banks, telecommunications companies, and
regulatory authorities, including Bank of Algeria, is needed to create a unified framework for
digital banking literacy.

This framework should not focus solely on digital infrastructure development, but should

also include:

« strengthening digital trust,
« enhancing data protection and security,
« and promoting digital financial literacy among citizens.
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Conclusion

This chapter outlines the empirical results of the study in a clear and systematic way. The
reliability analysis demonstrated strong internal consistency across the measurement scales. The
diagnostic tests confirmed that the assumptions required for multiple linear regression were
satisfied. Model fit indicators revealed a high level of explanatory power for the proposed
framework. The hypothesis testing results indicated that all three selected dimensions of the
UTAUT2 framework were confirmed as significant positive predictors of users' mobile banking
adoption inclination, with Performance Expectancy identified as the most influential predictor.
Finally, the discussion contextualized these findings within the existing body of literature,
pointing out both convergences and discrepancies, and offering a critical interpretation of the

results.

Finally, a set of practical recommendations was presented for the banking sector, aimed at
enhancing the adoption of mobile banking applications through improving user experience,
strengthening supporting infrastructure, and expanding digital awareness efforts among

different categories of customers.

The following section presents the general conclusion of the thesis, summarizing the main

findings, limitations, and directions for future research.
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General Conclusion
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1. Reminder of Objectives and Research Problem

This thesis aimed to examine the factors shaping Algerian public bank clients' readiness to
adopt and utilize mobile banking apps. Grounded in the (UTAUT2), the study focused on three
core constructs (PE), (EE), and (FC) and analyzed their effects on Behavioral Intention (Bl).
This focus was driven by the persistent gap between the availability of mobile banking services
in Algeria and their actual adoption by users, a gap that prior studies based solely on the (TAM)
have not fully explained.

2. Summary of Main Findings

The empirical analysis, based on data collected from 168 valid respondents and analyzed using
multiple linear regression via SPSS 27, yielded the following main findings:
. Performance Expectancy (PE) is the strongest predictor of behavioral intention (f = 0.378, p <
0.001). Users who believe that mobile banking applications enhance their efficiency and simplify

financial management are significantly more likely to intend to use these services.

. Effort Expectancy (EE) is the second strongest predictor (f = 0.356, p < 0.001). The ease of use
perceived in mobile banking applications plays a critical role in influencing users’ intention to

adopt them, reinforcing the importance of intuitive interface design.

. Facilitating Conditions (FC) exert a significant positive effect on behavioral intention ( = 0.206,
p = 0.002), confirming that the availability of technical infrastructure, compatible devices, and
institutional support meaningfully contributes to adoption intent.

. The overall model is able to explain 73.1% of the variability in behavioral intention (R2=0.731),

demonstrating strong explanatory power and confirming the relevance and applicability of the
UTAUT2 framework in the Algerian mobile banking context.
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3. Theoretical Implications

This study makes several contributions to the theoretical literature on technology adoption.
First, it provides empirical evidence supporting the degree of applicability of the UTAUT2
framework in the Algerian context mobile banking context an underexplored area in the existing
literature, which has been predominantly anchored in the TAM model. The strong explanatory
capacity of the model (R2 = 0.731) demonstrates the relevance and robustness of the UTAUT2
framework when applied to emerging economies. Second, the study confirms that PE, EE, and
FC are stable and theoretically coherent predictors of behavioral intention across diverse
geographic and cultural contexts, reinforcing their centrality within the technology adoption

literature.

4. Managerial Implications

From a managerial perspective, the study recommends that Algerian public banks focus on
promoting the benefits associated with mobile banking, including, such as time savings,
convenience, and ease of use, through digital awareness campaigns and in-branch programs. It
also emphasizes the importance of improving user experience by designing simple and user-
friendly interfaces suitable for all levels of digital literacy, as well as strengthening technical
support through 24/7 helplines, in-app tutorials, and guidance within bank branches. At the
national level, it stresses the need to develop digital infrastructure and expand access to the
internet and smartphones, particularly in rural and semi-urban areas, in order to broaden the base

of potential digital banking users.
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Limitations of the Study
5.1.Sample and Scope Limitations

A substantial proportion of the sample consisted of highly educated respondents and
professional employees. Consequently, the findings primarily reflect the perceptions of
individuals who are more educated and digitally literate, which calls for caution when
generalizing the conclusions to the broader Algerian population, particularly older adults and
less educated groups.

In addition, the study focuses exclusively on customers of public banks, thereby excluding
users of private banks as well as customers of digital-only banking services. As a result, the
findings may not fully capture the diversity of banking behaviors and experiences within the
Algerian financial sector. Therefore, the results should be interpreted as reflecting the

characteristics of the studied sample rather than those of all Algerian banking customers.

Finally, the study relies on only three constructs from the UTAUT2 model, representing a
partial application of the original theoretical framework. Although this choice was made
deliberately to achieve theoretical parsimony and maintain a focus on the core determinants of
technology adoption, it may limit the explanatory power of the model by excluding other factors

that could be relevant in explaining behavioral intention.

5.2. Methodological Limitations

The study relies on a single questionnaire administered to the same respondents at one point
in time. This cross-sectional and single-source design may introduce Common Method Bias
(CMB), which could contribute to inflating the observed relationships between variables.

In addition, the use of purposive and convenience sampling limits the generalizability of the
findings to the broader population of Algerian bank customers. Since participants were selected
based on accessibility and specific eligibility criteria rather than through random selection, the

representativeness of the sample may be limited.
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5.3. Potential Biases :Social Desirability Bias

Some respondents may have been influenced by social desirability tendencies, leading them
to provide answers that are perceived as more acceptable or favorable rather than fully accurate
reflections of their actual behaviors. For instance, participants may overreport their use of

mobile banking applications or exaggerate their level of digital literacy.

6. Future Research Perspectives

Based on the limitations identified above, several directions for future research can be
proposed. Future studies should adopt probability sampling strategies, particularly Stratified
Random Sampling, as it provides a more accurate representation of the different categories of
bank customers in Algeria according to their demographic and geographical characteristics.
Such an approach would enhance the reliability of the findings and increase their
generalizability to the target population. Longitudinal research Approach would also be valuable
for tracking the evolution of adoption intentions and actual usage behavior over time.

Future studies could also expand the UTAUT2 model by reintegrating the excluded
constructs or by incorporating additional context-related variables such as perceived trust,
perceived risk, and digital literacy. Moreover, comparative studies between public and private
banks in Algeria could provide deeper insights into the differences in mobile banking adoption

dynamics across the two sectors.

Finally, adopting mixed-methods approaches that combine quantitative surveys with
qualitative interviews would contribute to a more comprehensive and nuanced understanding of

the factors that hinder or facilitate mobile banking adoption in Algeria.
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In conclusion, this thesis adds to the growing body of scholarly knowledge on the dynamics
of mobile financial service adoption within developing economic contexts and provides
actionable recommendations for Algerian banks seeking to bridge the gap between the supply
of digital banking services and their effective adoption by users. The findings affirm the
relevance of the UTAUT2 framework as a theoretical lens for studying technology acceptance
in developing country contexts and highlight the importance of both functional performance and

ease of use in driving digital banking adoption.
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